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AHHOTALUNA

MoAxXoAbl K AMArHOCTMKE U NIEYEHUHO paKa NPeACTaTeNlbHON }enesbl 0MMpaloTCs Ha KOMBMHALMIO JaHHbIX MarHUTHO-pe-
30HaHCHOM TOMOTPaduM 1 TMCTONOMUYECKUX LaHHbIX.

Lenb naHHoro 063opa — BBeAEHUE YUTATENSA B OCHOBBI COBPEMEHHOMO AMArHOCTUMECKOTO NOAX0AA K paKy NpeAcTaTesib-
HOM 3Kenie3bl NpY NOMOLLW MarHUTHO-Pe30HAHCHOM ToMorpaduy ¢ GOKYCOM Ha TEKCTYPHbIA aHaM3 LMGPOBbIX MeAULIMHCKUX
“30bpaxeHuin.

TeKCTypHbI aHanu3 No3BosieT OLEHUTb B3aUMOCBSA3N MEXAY MUKCENSMU M30BpaKeHns C NOMOLLbI0 MaTeMaTUYecKuX
MeTO[0B, YTO AAET JOMONHMTENbHYK MH(OPMaLWIO, B NEPBY0 04epesb 0 BHYTPUOMYXONEBOW reTeporeHHOCTU. TeKCTYpHbIN
aHanu3 Npu3HaKoB NEepBOro NOPSAKA MOXET UMETb BOMbLLYI0 KIMHUYECKYH BOCMPOM3BOAMMOCTb, YEM TEKCTYPHbIE XapaKTe-
PUCTUKM Bonee BbICOKOro nopaaKa. TeKCTypHble 0COBEHHOCTH, U3BNIEYEHHBIE M3 KapT Ko3adduumeHTa anddy3um, nokasanm
HanBOMbLLYK KITMHUYECKYI0 3HAYUMOCTb.

Bynywme uccnenoBaHua DOMKHbLI 6bITh HanpaBieHbl HA MHTErPaLMI0 METO0B MaLLMHHOIO 0ByyeHus ans obnerdyenus
MCMO/b30BaHMS TEKCTYPHOTO aHanM3a B K/MHUYECKOW npakTuke. Tpebyetcs pa3suTie aBTOMaTU3WPOBaHHBIX METOAOB Cer-
MEHTaLUMU N1 YMEeHbLUEHUs BEPOSTHOCTW BKIIIOYEHUS HOPMaJibHbIX TKaHel B 00/1acTU MHTEpeca U YCKOPEHUS MOJTyYeHus
pe3ynbTaToB aHanu3a. [lng npoBepKu AMarHoCTMYECKOro NoTeHLMana TEeKCTYPHBIX NPU3HAKOB TpebyloTca KpynHble nMpocrek-
TUBHbIE UCCNEL0BaHMS.

KnioueBble cnoBa: paK npefcTaTesibHOM XKese3bl; MarHUTHO-pe3oHaHcHas ToMorpadus; MPT; pagvoMuka.
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ABSTRACT

Diagnostic and treatment approaches in prostate cancer rely on a combination of magnetic resonance imaging and histo-
logical data.

This study aimed to introduce the basics of the current diagnostic approach in prostate cancer with a focus on texture ana-
lysis.

Texture analysis evaluates the relationships between image pixels using mathematical methods, which provide additional
information. First-order texture analysis of features can have greater clinical reproducibility than higher-order texture features.
Textural features that are extracted from diffusion coefficient maps have shown the greatest clinical relevance. Future research
should focus on integrating machine learning methods to facilitate the use of texture analysis in clinical practice.

The development of automated segmentation methods is required to reduce the likelihood of including normal tissue in
the area of interest. Texture analysis allows the noninvasive separation of patients into groups in terms of possible treatment
options. Currently, few clinical studies reported on the differential diagnosis of clinically significant prostate cancer, including
the Gleason and International Society of Urological Pathology grading. Large prospective studies are required to verify the
diagnostic potential of textural features.
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